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More exactly random process model

for time-series pattern matching

— Partly-Hidden Markov Model
and Its Application to Gesture and Speech Recognition —

Ken Masumitsu — Junko Furuyama  Tetunor: Kobayash:

Department of Electrical, Electronics & Computer Engineering
Waseda University

3-4-1 Okubo, Shinjuku-ku, Tokyo, 169 Japan 03-5286-3379
masuken@tk.elec.waseda.ac.jp

A new pattern matching method, Partly-Hidden Markov model, is proposed for time-series pattern
recognition HMM, which has been used for time series pattern matting, can deal with only piecewise
stationary process. We solved this problem by introducing the modified second order Markov Model, in
which the first state is hidden and the second one is observable.

As the result of two simulation experimentation, the ability of expression of transient part was better
than HMM. And as the result of 6 hand sign language recognition, the error rate was improved by 43%
compared with HMM. However, as the result of speech recognition, the recognition rate was less than
HMM. We think it is future thema.

time-series pattern matching,gesture recognition,speech recognition, PHMM,HMM
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