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One challenging job for those who are doing research on Fitts’ law, an evaluation tool used in human computer interaction,
isto resolve the problem of the input hits’ distribution. Although one method has been proposed and used for many yearsas
the 1SO standard for one-direction pointing task, doubts now exist regarding its validity. Design tasks in HCI demand a
revision or a replacement of the model offered in Fitts’ law. In response to this need, we developed a new model for
evaluating input efficiency of pointing tasks. The prediction effect of the new and the traditional models are compared using
AIC (Akaike Information Criterion), a criterion for statistical model selection. The results of AIC evaluation show that the
new model, developed by us and described in this paper, is better than the traditional onesin performance prediction and
evaluation.
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