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Detecting User Product Search Intention from Sequential
Behavior of User Interaction

TAKAHIRO KAWAMURA ' HIROYUKI NAKAGAWA "
YASUYUKI TAHARA' AKIHIKO OHSUGA

KORA VA'

The relationship between user searching behavior and search result in Web search system is very important
to improve the effectiveness of search engine. There are various studies on mining user search behavior which
focused on server-side log or user searching history. Furthermore, there are also many researches which are
interested in user's interaction with search result on web browser. But most of them lack of consideration of the
relationship between the user's interactions within a session. Therefore, in our proposed method, we take
advantage of interaction sequence of user with search engine results page in order to detect user
intention(purchase or research) of product searching within the session. Our method uses primarily the
sequences of user-click behavior (Click), scrolling behavior (Scroll), mouse-over behavior(Hover) and read
behavior (Read) for interaction features. Using our method, we could extract effectively the intention of each
query within the session of the user's product searching. The experimental results showed that our proposed
method performed more than 10% better than the previous method .
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