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Attractiveness-based Image Scoring Using Similar Images on Websites
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‘We propose a novel image scoring method that reflects human perceptions to retrieve de-
sired images from large image databases. This method uses metadata attached to similar
images from image sharing websites. Our method calculates the score of a new image (input
image) as a weighted average of the scores of similar images from image sharing websites
where each score of similar images is decided from metadata (e.g., the number of viewers,
favorites, and comments), and each similar image score is weighted based on its similarity to
the input image. Our method can reflect human perceptions or human subjective assessments
unlike existing work that uses such low-level features as color and shape since metadata are
expected to have correlations with human subjective assessments. The experiment showed a

correlation between the scores by the proposed method and participant assessments.
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Fig.1 Framework of the proposed method
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Table 1: Kendall’s rank correlation coefficient of each SCORE (a = 100, S is the value descrived in ())

SCORFE1 SCORE?2 SCORE3 SCORE4 | SCORE5
0.4170 0.5555 0.2860 0.3006 0.3670
SCOREG6(30) | SCORET(30) | SCORE8(20) | SCORE9 | SCORE10
0.3995 0.5113 0.5157 0.3805 0.3083
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Fig.3 Kendall’s rank correlation coefficient for each category
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Table 3: Comparison between the proposed scoring and photography guideline

(The upper images are good compositions and lower ones are bad compositions according to guideline)
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