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Statistical Dialogue System with Capability of Controlling
Dialogue Scenario by Degree of Recommendation

Abstract: When a dialogue system such as a guidance system of a shopping mall is deployed as a service, a
dialogue scenario of the dialogue system needs to be customized as a change of contents of the service such as
a change of sales. However, conventional dialogue systems require a modification of complex dialogue flows
by hand or more dialogue data for the customization. Therefore, it is difficult for a person who doesn’t know
details of the dialogue system to customize the dialogue scenario. In this research, we aim to realize that
such a person customize the dialogue scenario with low costs. Our proposed method controls the dialogue
scenario without degrading a performance of the dialogue system by changing a degree of recommendation for
candidates to provide to users. To realize this method, we exploit a reinforcement learning for the dialogue
scenario referring rewards based on the degree of recommendation and user’s satisfaction. Thus we create the
dialogue scenario that the system provides the candidate with high degree of recommendation aggressively
while not making users uncomfortable. Results of experiments using a dialogue system which guides stores
of a shopping mall suggest that our method works effectively.
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