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Noise Sound Synthesis for Electronica Music
by means of CPPN Representation and Neuro-Evolution

DaicHi ANDOY-®)

Abstract: This paper reports trial that adopting Compositional Pattern Producing Networks(CPPN) into
sound synthesis for “electronica” sound material. For learning the networks, we adopted Neuro-Evoluation
that provides non-interactive and interactive machine-learning. The sound sysnthesis system has been actu-
ally used for the electro-acoustic musical pieces. As as result, the proposed system generates noise sounds
that feel the pitch such like the sound of electronica.
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Compositional Pattern Producing Networks(CPPN)[1]
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1.2 Neuro-Evolution
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