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Measurement and Evaluation of Tutoring Conversation
Based on Non-verbal Interactions

Kaiser TsujimoTo!®  YAsuyukr Sumr!:P)

Abstract: In this paper, we propose a method to capture non-verbal interaction data in tutoring and esti-
mate important scenes in tutoring from the data. We think that it is possible to estimate important scenes
efficiently by analyzing tutoring with tutor and tutee participation, turn-taking and head direction as a clue.
We discuss the possibility of estimating the tutoring scene from the head direction and participation of the

tutor and tutee in tutoring by a preliminary examination.
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Fig. 1 Image of Shared Space
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Fig. 3 Context of real space at the time of Fig.2
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Fig. 4 Application example of iCorpusStudio
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Fig. 5 Experiment environment: the front person is tutor, the

back person is tutee and Kinect is put on left front side
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Fig. 6 Head direction data in time series: the red line repre-
sents the yaw direction, and the green line represents

the pitch direction
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Fig. 7 Label data in time series about Commitment to Shared Space from tutor and

tutee
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Fig. 8 Image of detecting method of commitment to Shared
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Fig. 9 An example of a scene that a tutor explains unilaterally
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Fig. 10 An example of a scene that Commitment to Shared

Space from tutee
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