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A Noise-Tolerant Voice Conversion System for
Imitating Anyone’s Voice

KUNIHIKO SATO™ JUN REKIMOTO™?

Abstract: \loice Conversion (VC) is to modify one speaker’s speech to make it sound like another specific speaker’s. VC can be
widely applied to many fields including voice chat, theme parks, karaoke, virtual reality and speech-impaired patient assistance.
However, state-of-the-art VC methods have the lack of real-time performance and suffer from environmental noise. \We propose a
novel VC system using Deep Neural Network, which allows for parallel computation and filters background noise automatically.
Our experiments are performed to evaluate the proposed VC system under noisy environments, and validate the feasibility.
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