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The Validation of “More Tweets, More Votes” Hypothesis
in Tokyo Gubernatorial Election 2014

KAZUKI TANAKAL®)

KAZUTOSHI SASAHARALP)

Abstract: In recent years, various studies have been carried out using social data on the Web in the field
of computational social science. These studies include the quantitative analysis of a wide variety of social
phenomena and the validation of social psychological hypotheses. The prediction of political election results
using social data is one of the most important issues. Previous research proposed a hypothesis on the rela-
tionship between election results and tweets, called “More Tweets, More Votes (MTMV)” hypothesis. Here
we report that this hypothesis did not hold in Tokyo gubernatorial election on February 2014. Furthermore,
we propose an alternative measure of the breadth of online attention to candidates, measured by information
entropy, showing that the number of votes obtained and this measure were highly correlated.
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Fig. 1 Time series of daily tweet counts. The election was held
on Feb. 9, 2014.
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Fig. 2 Distribution of user counts as a function of the number

of tweets[]
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Fig. 3 Time series of hourly tweet counts for each candidate.
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Fig. 4 Number of tweets obtained arranged by the number of

votes obtained.
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Fig. 5 Relationship between the number of tweets obtained

and the number of votes obtained.
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Fig. 6 Breadth of online attention to each candidate (measured

by information entropy).
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Fig. 7 In-degree distributions of the retweet network for each

candidate.
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Table 1 Top 100 nodes (users) in the in-degree rank of the

retweet network for each candidatel
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