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Providing Topic Candidates Based on Picking Up
Terms and Retrieving Topics

Yurt KimMura!l KazuTaka  MARUYAMA!

Abstract: In recent years, face-to-face communication skills become increasingly required. Silence in chat-
ting with others, not close friends, may cause us awkward. There are many research and systems that support
chat to avoid the silence, but few systems that support changing topics in spite of the importance of the
choice of topics related to one just talked. In this paper, we propose a system that provides topics related
to the contents of the conversation. A prototype system we implemented extracts some keywords from the
conversation, fetches some news articles from a web service and shows their headlines to the users. The user
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experiments are also included.
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1 Memorium[10]
Fig. 1 Memorium/[10].
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Fig. 2 Topics provided by our pilot system.

W

BEITY AT AEIERT 5.
4. =X

REY AT AL Java EFETIER L, GUI #4121 Java
D GUIY—)L¥v NTdhd Swing i L7, FEEEA
5F—17— R, LMY —I Mecab*! % HWTH
WUAdE NS, GEEBEMO= 21— AFLHEREFICIE
HH U 7244510 Yahoo! = 2 — A *2 M D URL % HY
BUHAWS.

UFIZVATADHRENE RT.

(1) BRFFABE2FERBTYTNVE A LIITFANME (K
FERTIIARFESR)

(2) TFAN%2 —EXTETKY > CRRBEMT 27042
T D45 % flit (Mecab)

(3) fHAVY RIZEY AaTEERD, 1NOEDE

BIEDEEE UT 1 28R

FREOBEN D, —o— AHHEREHERZIE LilE

DORELUZA MV &R

HEEREMTIMREE LT 2 0MERELLZD, 1
MICERTHEEOHZ L SHN T3 300 XFX 2D 600 X
FTTFANERXYY, 1RGY NS 1 DFEEZHHT 5.

VAT LADOEGHIER 2 ITRT.

EEZAMOTF A NT) TIZIE, RERNA DS H R
BOTFAN (RFEBRTIF XTI UEADRGE T —/3A
A 2RRTD. TXFANE 2 oMY XFHE
HELT600 XFIEIZXKYY, ZDORFa AV NANTEE
LIS N2 480 % O L DERIDOFRTY TITEMNT 5.
EMXNZFEEDO—RIZZ VY 7T TIIHNIL
EMY, TOZa2—AHED Web R—=VIZRRIY V7 &
BoTWd. #RARTY T OFHEERBITRK 5 @£ TT,
FLUWEEINENMI NG & —FBHOEFEIZHIRINS.

\

(4

~—

*1 MeCab: Yet Another Part-of-Speech and Morphological An-
alyzer, http://taku910.github.io/mecab/
*2. Yahoo!=z—2X, http://news.yahoo.co.jp/
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Fig. 3 Conversation corpus[12] example.
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Table 1 Analysis results of the conversation corpus.
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Table 2 Experimental results of term extraction.
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Table 3 TF-IDF values of correct terms in case C.
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