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Easy Security System based on Accelerometer-included Wireless

Microcomputers and Machine Learning
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Abstract: In recent years, easier security system have been required with the improvement of residents’
crime prevention awareness. Therefore, we propose Easy Security System based on Accelerometer-included
Wireless Microcomputers and Machine Learning. This system consists of small microcomputers with acceler-
ation sensors, a repeater relaying vibration information to the server, a machine learner server for analyzing
the vibration signal and issuing notifications to the user, and a user application receiving notifications. We
show the security system which monitors vibrations of the doors or the windows, using the wireless acceler-
ation sensors and analyzes the cause of the vibrations. When vibrations are generated on the door or the
window of the house, a small microcomputer with an acceleration sensor acquires the information of the
vibration and transmit it to the machine learner server via the repeater. The server informs the user of
the result of the classification. The user can know the occurrence of a vibration and its estimation by the
notification. We expect users can avoid encountering the intruders. In this paper we describe the design and
implementation of this system.
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